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= | Review
obaten________ Almost all paper expect non occluded frontal face
o Vodalty = A few that don't:
0 Some orientation change:
ST « [Colbry et al., 2005]: Curvature + ICP + Relaxation
Problen = [Lu and Jain, 2006]: Directional Maximum
2Lt = [Faltemier et al., 2008]: Rotated Profile Signature
Conclusion 4 h%\'

Colbry et al., 2005 Lu and Jain, 2006 Faltemierét al., 2008

= Almost all papers expect the nose will be present

= Most papers recquire two well defined inner corners of the
eyes
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Assumptions

= The ones we needed to make:
0O At least half of the face iIs visible
0 There exist features repeatable across individual

= The ones we did not make:

0 All landmark are present and will match there descriptor

0 Candidates for one landmark descriptor are rare

= The ones we made (only in post-processing)
0 The face is roughly convex
0 Faces are not too flexible (£ hand)
0 Only 1 face per scene
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